The best way to keep a task together across Al models is to manage it as one shared conversation in a single
workspace—not as a collection of disconnected prompts and copied responses. Each model should work from the
same brief, source material, decisions, and constraints. That way, context persists as the work moves from research

to analysis to drafting and review.

This matters because complex work rarely fits neatly into one prompt. A founder may need to evaluate a deal, test
assumptions, build a financial narrative, and prepare a decision memo. A consultant may need research, synthesis,
and client-ready recommendations. Different models can contribute at different stages, but only if the task

remains coherent as it moves between them.

A reliable workflow combines three things: shared context, deliberate orchestration, and a clear way to handle
disagreement. Use models in parallel when you want independent perspectives. Use them sequentially when each
step depends on the one before it. And treat conflicting answers as a signal to investigate—not a nuisance to

average away.

Why Al work gets fragmented

When people use multiple models, they often start a new chat for each one. They paste in a summary, attach a few
files, and hope the new model understands the assignment. Then they copy the answer into another tool, add

more context, and repeat the process.

You know what's funny? this can work for isolated questions. It becomes unreliable when a task has multiple
stages. A detail omitted from a handoff can change an analysis. A model may assume a different audience, use an
outdated figure, or overlook a decision already made. The team then spends time reconciling answers instead of

moving the work forward.

Hi,'m DeepSeek.

How can | help you today?

A shared conversation reduces that coordination burden. It gives people and models a common place to see the
objective, the relevant evidence, the work completed so far, and the open questions. The goal is not to make every

model produce identical answers. It is to make sure each model is responding to the same task.

What a shared conversation should contain



A useful shared conversation is more than a long chat history. It is a working record of the task. One client

recently told me wished they had known this beforehand.. At minimum, it should make the following easy to find:

* The objective: What decision, deliverable, or outcome is the team working toward?
® The audience: Who will use the work, and what do they already know?
® The source material: Which documents, data, links, or notes are authoritative?
* The constraints: What assumptions, deadlines, formats, or boundaries must be respected?
* The current state: What has been completed, what remains uncertain, and what is next?
* The decisions made: Which choices are settled, and which are still open for debate?
When these elements stay in one single workspace, context persists across model changes and workflow stages.

That does not mean every model automatically remembers every detail forever. It means the team has a

dependable source of truth to provide, inspect, and update as work progresses.

Keep evidence separate from interpretation

For high-stakes work, label facts, assumptions, and conclusions distinctly. For example, a brief might state that a
purchase price is confirmed in a signed term sheet, while revenue growth is a management forecast and the
valuation multiple is an analyst calculation. This makes it easier for another model—or a human reviewer—to

challenge the right part of the reasoning.

It also prevents https://multiai.pro a common failure: an early model-generated assumption gets repeated in later

answers until it appears to be verified. A shared conversation should preserve provenance, not just prose.

Parallel versus sequential workflows

There are two basic ways to involve multiple models: ask them to work in parallel, or hand the task from one

model to another in sequence. Neither is universally better. The right choice depends on whether you need

independent viewpoints or a chain of dependent work.

Workflow Best for Main benefit Main risk Parallel Brainstorming, critique, risk analysis, independent estimates
Surfaces different perspectives quickly Produces conflicting or repetitive answers that need synthesis Sequential

Research-to-analysis-to-draft workflows Each stage can build on the previous one Early errors or bias can carry


https://multiai.pro/

through the chain Hybrid Structured, consequential work with multiple stages Combines independent checks with

a coherent process Requires clear handoffs and decision ownership

Use parallel work for independent judgment

Parallel workflows are useful when you want models to assess the same question without influencing one another.
For instance, ask two models to identify the strongest risks in a proposal before either sees the other’s response.

Their independent answers can reveal blind spots, alternative interpretations, or areas where the evidence is thin.

For a meaningful comparison, give each model the same prompt, source material, and output format. If one model
receives a detailed brief and another receives a one-line question, differences in their answers may reflect the

instructions rather than a genuinely different judgment.

Use sequential work when stages depend on each other

Sequential workflows fit tasks where one stage creates an input for the next. A research model can extract and
organize evidence; an analysis model can test implications; a writing model can turn approved findings into a
memo. Each handoff should include the work product and its status: verified, provisional, disputed, or not yet
checked.

Do not pass along only a polished summary. Include the important sources, assumptions, unresolved questions,
and relevant decisions. The next model should be able to distinguish what it may rely on from what it should

examine.

Orchestration modes for structured work

For recurring or complex tasks, it helps to define an orchestration mode: a simple set of rules for how models

1

participate. This prevents “use more Al” from becoming an unstructured series of requests. The mode should

specify each model's role, the order of work, the required outputs, and who makes the final call.

1. The independent panel

Send the same brief to multiple models, request independent analyses, and compare their answers against a
shared rubric. This works well for scenario planning, proposal critique, and diligence questions where you want to
know whether a concern appears consistently. Keep the first round blind to other models’ conclusions to reduce

anchoring.

2. The specialist relay

Assign distinct stages to different models: one extracts evidence, one analyzes it, and one drafts or edits. Make
each handoff explicit. For example: "Use only the verified findings below; do not introduce new facts; flag any
missing evidence rather than filling gaps.” A relay is efficient when the stages are well defined and the team can

inspect the work between steps.
3. The draft-and-challenge loop

Have one model produce a draft, then ask another to act as a skeptical reviewer.

The reviewer should look for unsupported claims, missing counterarguments, inconsistent numbers, and unclear

recommendations. A final model—or a human editor—can revise the draft after those issues are resolved.



4. The human-in-the-loop decision gate

Not every stage should run automatically. Set a human review point before a model's output becomes a key
assumption, an external statement, or a decision recommendation. The human owner confirms what to accept,
what to reject, and what needs more evidence. Models can accelerate the work; accountability still belongs to the

people responsible for the outcome.

How disagreement improves decisions

When models disagree, the instinct may be to ask for another answer until they converge. That can create the
appearance of certainty without resolving the underlying issue. Disagreement is more useful when treated as a

diagnostic signal: something about the evidence, framing, assumptions, or reasoning may need attention.

For example, imagine a team evaluating a hypothetical $42M acquisition of Skybridge. One model says the
price looks reasonable based on expected growth; another says the deal appears expensive based on current
earnings. Those answers may not directly contradict each other. They may be using different metrics, periods, or

assumptions about future performance.

Rather than choosing the more confident-sounding answer, put the disagreement back into the shared
conversation and ask:

® Which specific claim differs, and what evidence supports each answer?

* Are the models using the same financial figures, time periods, and definitions?

® Does one conclusion depend on an assumption the other does not make?

* What new information would change either model's view?

® (Can the disagreement be narrowed to a range, scenario, or clearly stated uncertainty?

In the Skybridge example, a useful next step might be to compare the purchase price under several scenarios:
current performance, management’s growth case, and a downside case. The team should verify the inputs and
identify which assumptions drive the valuation most. The models can help expose sensitivities, but the deal

judgment should rest on reviewed evidence and an explicit risk tolerance.

Disagreement is especially valuable when it reveals hidden choices. If one model optimizes for speed and another
for downside protection, the difference is not simply a matter of accuracy. It reflects competing priorities. Naming
those priorities makes the decision more transparent.

A practical workflow for keeping a task together

1. Start with one task brief. State the goal, audience, deliverable, constraints, sources, and success criteria in

the shared conversation.

2. Choose the workflow mode. Use parallel analysis for independent perspectives, sequential work for

dependent stages, or a hybrid for important decisions.

3. Define roles and output formats. Ask each model for a specific contribution, such as an evidence table, risk

list, draft, or critique.
4. Keep handoffs inside the workspace. Attach or link the relevant work, and label its status and provenance.

5. Compare, don’t just combine. Identify where answers agree, where they differ, and whether they rely on

different assumptions.

6. Resolve material uncertainty. Verify facts, request evidence, run scenarios, or ask a human owner to make a
judgment.



7. Record the decision and next step. Update the shared conversation so the next model or teammate knows

what was decided and why.

What to avoid

* Copy-paste drift: Repeatedly moving partial answers between chats can strip away caveats and source
context.

* Unclear ownership: If no one is responsible for accepting or rejecting outputs, a workflow can produce work
without producing a decision.

* False consensus: Asking models to read one another’s answers too early can make them converge on an
initial framing.

* Untracked assumptions: A number or premise can become “true” through repetition unless its source and

status are visible.

® Over-orchestration: More models and more steps are not automatically better. Add a model when it

contributes a distinct capability, independent check, or useful perspective.

The best approach: one workspace, clear roles, visible decisions

Keeping a task together across models is fundamentally a workflow design problem. The strongest setup gives
every participant a common brief, preserves context in a shared conversation, and makes the status of evidence
and decisions visible. It uses parallel work to invite independent judgment, sequential work to move through

dependent stages, and human review where consequences demand accountability.

Most importantly, it does not treat model agreement as proof or disagreement as failure. A shared conversation
lets the team inspect why answers differ, test assumptions, and improve the decision. With one single workspace
and a disciplined process, context persists—and multiple models become contributors to one coherent piece of

work rather than separate chat windows producing disconnected answers.



